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Referring Layer Decomposition Task RefLade V1.0: Make Layer-Decomposition Researchable The RefLayer Model

We predict complete RGBA Iayers from a single RGB The [argest hiah-qualitv dataset for Iayer decom positio n research A diffusion-based ba.seline thaft.performs prompt-conditioned layer decomposition to
image, conditioned on flexible user prompt! extract complete, object-speciiic RGSA layers
’ |
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e 430K images with 1.11M RGBA layers, 1M training set, 100K quality tuning set, and 10K test set

e Below illustrates the RefLayer model trained on RefLade, demonstrating the RLD task -
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Auto-evaluation protocol for benchmarking: HPA score Experiments

HPA score measures:

o . e . Model |
R nguzsttc Frompng R Model H ; ' e Preserving (S . ): How well the visible parts of the Dataset layers Foreground .
. - Model referring subject are preserved? HPAt+ FID| LPIPS| DIRt HPAt FID| LPIPS| DIR?
The Brown and et b - Model | - e Completion (S,,,): How well the occluded parts of the MuLAn 50K  0.3852 22.68 0.1403 0.2031 0.3459 21.84 0.1588 0.6385
white horse” ::::::::::::::::::"!5‘*&::::: g referring subject are recovered? RefLade 50K 04629 1098 0.1411 0.2543 0.5932 16.87 0.0520 0.7206

Model Dj 1 ® Faithfulness (S ): How faithful the joint of original Reflade 100K 0.4621 }1.27 .3.428 0.2589 0.5935 ;_6.73 0.0530 0.7213
Model C ! RetlLade 200K 0.4631 10.99 1434 0.2547 0.5461 19.84 0.0552 0.6950
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i) visible parts and the recovered occluded parts is? RefLade 400K 0.4678 10.66 0.1404 02575 05792 1836 0.0493 0.7129
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e Model A’ - e lzed timan L0 HPA Sy Sgen Sfid  Svie+Syen  Sfia+Sgen  Svis+Sfid RefLade 1M 0.4685 11.10 0.1377 0.2561 0.5587 17.35 0.0730 0.7190
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1378 0.2531 0.6657 12.99 0.0487 0.7721
1330 0.2652 0.6682 13.14 0.0437 0.7673

00 02 0 % X Lo Pearsoncorrelation 096 090 096 094 095 0.95 0.94 RefLadeQ 100K  0.4698 10.60 0.

Normalized Score

“é é d” :
EErgrecn (a) Human ELO vs. the HPA Score Spearman correlation 1 0.60 0.98 0.67 0.92 0.97 1 ReflLade+Q 1.1M 04813 10.50

Multi-granularity

The Data Engine That Scales RLD Up!
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Pre-filter ! Scene Understanding : E Layer Completion Post-completion | . Prompt Generation : - Post-filter : Our Engine is of hlgh quallty
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